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1.1. TOPIK(Test of Proficiency in Korean):

111, SI=ZQIS HIRS 812012 202 6Kl %= AlRES
HAIO 2 BF 1997 H2E AIRE 5201 S& AIE.

1.1.2.  TOPIKI(1,22) TOPIK [I((3~62)2 2 LI M, MI|(=X2),
9171, EJ10t 22} 100 L& O0ICH.

1.1.3.  [HSt0I=2S E8t5H0f 8701 201, 32300 X0 AlES
ALAIBIDY 2019 SH JI1E22 TOPIK 1= 101,617,
TOPIK 1= 274,25420| X 9l5t= S 2 MO ALsH
OIXIZE XL HOIXIEAIE = 6HLIOICH

1.2. LLMS| & XM:

A 2 & S0k LLM(Large Language Models)2l 3J(J 22 3|
GPT-32t 22 2421750 {2l DIOHHAE 221

US.

22 GPU/TPUNI Z2H H&stet 22 O8I M2 ol 22
Jl=H JIg2 0lde st RE S =dot= XS ItsotAl .
LLMS & H 2 S28 55 ga= ItsHH ofA 2, 012 M
pretrain SHOIA 22 LS XIAS 86t =22 E2
TS A = AN E.0l= MZ22 2HE HE= O LS

1.3. LLM 22X 842 d5:
Oel A0 A LLMOI 2ME NS dddts Ol ZEMHES 2.

1.3.1.  '2022E HR0AN HARXS2 S n=FE P GPT-35

AtSot IS&ES A2 225 ddi=0, 2=
dEIotS2 W= HILA 212t0] Hdet 2= 8l
iset =&2 S22 28.

1.3.2. ?E OE 20224 =20AM = OIAl ZEE LLMO| =8 &0
SHE LSEZ ddg += Al= A0l ddE =2
HHOZ USE. BEH HHE Sol ddE M= IS
eIZH0l Zrd et 2H 2 FEol)| 2 ==0IAS.

1.3.3. *RJ| stett 22 o SstE 20 E SR RS E LLMO]
MEL F=0otH HIZALAHR 2HE 48 &= ULHs
NE EUCH, Ol 258 et s5HE AlALE

' Qiu et al. (2022). Automatic generation of multiple choice questions for medical
education using a large language model.

% Yu et al. (2022). Automatic Generation of High-Quality Math Word Problems with
Iterative Refinement by Large Language Models.

° Matteson et al. (2022). Can GPT-3 Generate Novel, Non-Trivial and Diverse
Organic Chemistry Problems? CopyRetryClaude can make mistakes. Please

double-check responses.
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4. NNAE X Y SE
41. AAE P2X
411. AMEX 2AEHHO|IA (Front-end)

41.2.

41.3.

41.4.

4.1.5.

4.1.6.

Vite + React JS + tailwindE A&l AFE X}
&gt A ol & J|8t IBT(Internet-Based Test) Al A B S
-

React? &HEH 22| 2 Virtual DOMES Eoll A2 At
HES SIAAI LD, A2EZHES THAIEH S =2

Mt = 0 Z2lAH 01« (Back-end)

AWS 2225 MHIAZS 2610 &4 1
FAdS =012 HIES 2

Amazon EC2 QI AE AN A O JH 2l Docker
ZHHOIHE F4ol0] OHE2IAHOIES B =2

NGINX WebserverS AIZ06t0d £ & @t Al 0}
A ZEAE P8

Spring YR IZ HAE AHE 2T
Restful APIS Al 0t ECHE0f (I E LEIAHE =S &8

Gl Ol &4 Hl O &

JIZEJIIE==2HMES 2= 6t Amazon RDSZ
PostgreSQL2| Master2} Slave I AEHAE 24 f
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Ol &eliol 2ot HHIERA D MO E Hzt

ZH A4 Al

ASGI WorkerE S0ll Python Fast API2| HE AIE S
0I5}, IsI| S APIAHE &
LangChainE AIE6t0 H M S 44 Rag,
LLM(Large Language Model) ZEEZE A XL &
2 Aol &

OI0IXI 2HI0l CHSt OCRQIA!, OI0IXI A Jl&
-8

EJ1 Z MOl CHst STT, TTS &t =3
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51. Y

5.2. JH¥

s

=

Frontend : Html, css, JavaScript
Backend : Java
Al Server : Python

=

Frontend : Vite, React, Tailwind, with ESLint
Backend : Spring, PostgreSQL, Nginx

Infra : Docker, Redis, AWS ( VPC, EC2, S3, RDS )
Al Server : ASGI worker, FastAPI, Langchain

LLM : ChatGPT-3.5-turbo, ChatGPT-4-turbo

OCR, STT, TTS : Google Cloud platform or Local

53. AMEJl=
5.3.1.

Prompt Engineering

DTEZEAXNLINES =2 SHE=E AHEAS
oo ot 21U E Mol TEEEE UHS0

2go g5, Bety, RSLS 20hatots A0I0H
DEDE AXLIIZ0l L8 0|RE &I LLMS
SH WA B9 QI HEE 45 HBES
S XS AZE I HE2OIE, HEXOZ Auto-

Regression 2| &t H Jt U L}.

LLMS CHO{O] &=AS B8t TEZEQ X2
S0 M2t SO ER0| ASs| 02 4 UL
=k

LLMS & & (Instruction) 2t Ol Xl (Examp
e S 2X6tH gHES ZFEHH. [HetA LLM &

aﬁéﬂfzézgaez%zngggéﬂ
FEZ 0 OtLlet SOl &, SOl =A)0l et
2ot Eetd o= UL
CHEAQI LLMQ! GPT 22 0| Ut 2 Auto-Regression
S0l of & stCt. Auto-Regression LLMZ 0| &
HOE 2L HE =2 882 HHE USsS HOUZE
H=ot2= =02 = X0l et 20t=X UE
geis s2is 4 AT
Standard Prompting Chain-of-Thought Prompting
Model Input Model Input

Q: Roger has 5 tennis balls. He buys 2 more cans of Q: Roger has 5 tennis balls. He buys 2 more cans of

tennis balls. Each can has 3 tennis balls. How many tennis balls. Each can has 3 tennis balls. How many

tennis balls does he have now? tennis balls does he have now?

A: The answer is 11. A: Roger started with 5 balls. 2 cans of 3 tennis balls

each is 6 tennis balls. 5+ 6 = 11. The answer is 11.
Q: The cafeteria had 23 apples. If they used 20 to
make lunch and bought 6 more, how many apples Q: The cafeteria had 23 apples. If they used 20 to
do they have? make lunch and bought 6 more, how many apples
do they have?

Model Output Model Output

. i A: The cafeteria had 23 apples originally. They used
: 27.
Ak The Snswer e x 20 to make lunch. So they had 23 - 20 = 3. They
bought 6 more apples, so they have 3 + 6 =9. The
answer is 9.



- pdf
- html
- sV
- docx
- txt
- json

5.3.2.

M2 :

21 |0|E{0] M 2JO|§ *
7R HAEDIR 28
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RAG(Retrieval Augmented Generation)

dM S MERAG)2 Zet0ld! £= =& HOolH
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ChatGPT-4-Turbo

M GPT 3.5(ChatGPT) )t 202243 112 3020l XIS
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Qiu et al. (2022). Automatic generation of multiple choice questions
for medical education using a large language model.

Yu et al. (2022). Automatic Generation of High-Quality Math Word
Problems with Iterative Refinement by Large Language Models.

Matteson et al. (2022). Can GPT-3 Generate Novel, Non-Trivial and

Diverse Organic Chemistry Problems? CopyRetryClaude can make
mistakes. Please double-check responses.
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